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Introduction Results

Previous fMRI studies have shown that the hippocampus represents spatial location' and Entorhinal Hippocampus  Parahippocampal Perirhinal V1
tracks path distance to target locations®>. Additionally, many other regions contribute to these cortex (EC) (HPC) cortex (PHC) cortex (PRC) (control)

and other facets of spatial navigation, including angle orientation®*1-12, - - - - -
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Major question: What can inverted encoding models™ reveal about how spatial goals are rep-
resented?

Participants (N = 26, 17 female) searched a 3-D environment for a hidden platform that
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Discussion

Better platform representation on known vs. unknown trials could reflect future spatial
goals or proximity to the platform on known trials.
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advice on inverted encoding models and Daniel Woolley for the 3-D MATLAB environment code.
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2-D correlation =0.18




